Experimental assessment of supervised algorithms to classify targeted
land-cover using ultra-high resolution multispectral UAS imagery
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Step 3: Accuracy Assessment
 Compare classification maps with validation data from field
* Create confusion matrix (tabulation of errors)
* (Calculate accuracy statistics
 Overall accuracy
 Kappa statistic - accounts for relative abundance of each class

A .

Orthomosaic imagery and study area subset

Wetland Study Site Location

Results: Accuracy

Table 3. Results of Confusion Error Matrix for each classifier using GPS
validation data

 Omission error — number of validation points incorrectly classified Figure Classifier Kappa Statistic | Overall Accuracy
 Commission error — number of pixels incorrectly classified B) Maximum likelihood 0.6674 70.8457%
C)|Spectral Angle Mapper 0.323 39.2539%

. c [ . D) Support Vector Machine 0.6242 67.0407%
RESUItS' CIaSS|flcat|On E) Neutral Net 0.5811 64.0297%

A) True Color B) Max Likelihood
Table 4. Maximum likelihood supervised classification output confusion error matrix

using validation data
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